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Generate system model by using 
input features set 
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Use online superset data to obtain 
new significance signature through 
discriminant analysis 
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Detect evolutionary change in system by 
comparing baseline significance signature 
And new significance signature 
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Determine baseline significance signature 
by performing discriminant analysis 
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Determine new significance signature by 
performing discriminant analysis 
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Select new input features by using 
new significance signature 
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Determine baseline significance signature 
by using decision tree methodology to 
perform discriminant analysis 
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Neugent Wizard 



Training And Volidotion Results 



This page shows the results of the Neugent 
training and validation. 

Neugent data model has been created and tested. 
Model quality estimation is based on both the model 
fit (trained model quality) and the predictive 
capability (tested model quality). More detailed 
prediction error statistics is displayed in the list per 
output field. 

It the overall model quality satisfies your 
requirements, you may save this Neugent object 
for further deployment in applications. If overall 
model quality is not satisfactory, you may go back 
and analyze data to identity what is causing the 
model quality to be low. 
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Training And Volidfltion Results 



This page shows the results of the Neugent 
training and validation. 

Neugent data model has been created and tested. 
Model quality estimation is based on both the model jj 
tit (trained model quality) and the predictive 
capability (tested model quality). More detailed j 
prediction error statistics is displayed in the fist per j 
output field. 

If the overall model quafity satisfies your 
requirements, you may save this Neugent object 
for further deployment in applications. If overall 
model quality Is not satisfactory, you may go back 
and analyze data to identify what is causing the 
model quality to be tow. 
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Neugent Wizard 



Training And Voiidotjgn Results 



This page shows the results of the Neugent 
training and validation. 

Neugent data model has been created and tested. 
Model quality estimation is based on both the model 
tit (trained model quality) and the predictive 
capability (tested model quality). More detailed 
prediction error statistics is displayed in the fist per 
output field. 

If the overall model quafity satisfies your 
requirements, you may save this Neugent object 
tor further deployment in applications. If overall 
model quality is not satisfactory, you may go back 
and analyze data to identify what is causing the - 
model quality to be low. 
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•implementation class* 
NeugSuper 



•NeugMgrList : object(idl) 



-InitializeO : int 
-CreateNeugMgr() : int 
-ExceptionHandler() 
-AHDEventHandlerO : int 
-ShutDownQ 



((implementation class* 
NuegMODL 



♦NeugMO : object(idl) 
♦Namespace : string(idl) 



-InitiaiizeQ : int 
♦ReadO : int 
♦WriteQ : int 

-RaiseEventQ : string(idl) 



((implementation class* 
NeugMgr 

)|-NeugMO : object(idl) 
-Neuglnst : object(idl) 
-SampleTimer : object(idl) 
-EvaluateTimer : object(idl) 
-PurgeTiroer : objected I) 



-InitializeO : int 

-OnTimerQ 

-OnEndConsultQ 



«uses» i 





•implementation class* 
NeugEvalSess 


♦NeugMO : object(idl) 
♦Neuglnst : object(idl) 
•NeugDL : object(idl) 
-PatternSet : object(idl) 
-ResultSet : object(idl) 
-CATree : object(idl) 
-MdlUpd : object(idl) 




-InitiaiizeQ : int 
-RaiseEventQ : string(idl) 



« implementation class* 
NeugConsultSess 



NeugMO : object(idl) 
-Neuglnst : object (id I) 
•PatternSet : object(idl) 
-ResultSet : object(idl) 



•InitializeO : int 
-RaiseEventQ : string(idl) 



« implementation class* 
SavePattern 



♦NeugMO : object(idl) 
-PatternSet : object(idl) 
-NeugDL : object(idl) 



-InitializeO : int 
RaiseEventQ : string(idl) 



•uses* 

i 



aimplementation class* 
UpdMdl 



♦NeugMO : object(idl) 
Neuglnst : object(idl) 
-TempNeuglnst : object(idl) 
-NeugDL : objed(idl) 
PatternSet 



InitializeO : int 
RaiseEventQ : string(idl) 



1 
1 
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•implementation class* 
PatternSet 


J— > 

«uses» 
i 


♦NeugMO : object(idl) 
♦PatternData : object(idl) 


-InitiaiizeQ : int 
♦ExtractFeaturesQ : int 
♦LeadLagO : int 
-AddComponentQ : int 



! «uses» 

I 

I 



aimplementation class* 
PatternComponent 



♦FeatureSpec : object(idl) 
♦PatternData : object(idl) 



^InitializeO : int 
V -OoQueryQ : int 
-PreProcessQ : int 
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« implementation class* 
CATree 



NeugMO : object(idl) 

DataSet : object(idl) 
-CATree Features : object(idl) 
-CATreeSession : object(idl) 
-CATree : object(idl) 
-NeugMODL : object(idl) 



-InitiaiizeQ : int 
♦SetData() .int 
♦ButldTreeQ : int 
-EvalSignFeatQ : object(idl) 
-NewMdISigQ : string(idl) 



•implementation class* 
NeugDL 



♦MeugMO : object(idl) 
♦DataSet : object(idl) 
-SummaryData : boolean(idl) 



InitiaiizeQ t int 
tRead() : int 
♦WriteQ : int 
♦SummaryStatsQ 
-RaiseEve ntQ : string(idl) 
7tn — 



